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Data is the reason most deployments stall
Across every recent industry survey, the same finding repeats: agentic AI projects are not primarily failing

because of the model. They are failing because the data feeding the agent was never actually ready for it.

This framework sets out the four signals worth checking before an AI agent goes anywhere near a

production decision, and gives you a self-assessment you can run today, for free.

52%
of organisations cite data quality as their
primary blocker to deploying agentic AI.

15%
of companies report being fully prepared
to run agentic AI in production.

60%
of AI projects are projected to be
abandoned for lack of AI-ready data.

Sources: industry surveys on agentic AI readiness and enterprise data quality, 2026 (full citations on the final

page).

Why this keeps happening

A proof of concept usually works. A small, curated dataset and a narrow use case hide the underlying

mess: records split across systems with no single source of truth, fields that mean different things in

different places, data that updates overnight in batch when the agent needs it live, and no clear record of

where a piece of data actually came from. None of this shows up in a demo. All of it shows up in

production, the moment an agent starts making autonomous decisions on real, messy, enterprise data.

The organisations getting this right are not the ones with the most advanced models. They are the ones

who checked their data foundation before they built, not after.
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The four signals
Four categories account for almost every documented failure pattern in agentic AI deployments. Each is

checkable before you build, not just diagnosable after something goes wrong.

01 Single Source of Truth

Is there one authoritative record for each data domain the agent will touch, or is the same

customer, asset, or case split across several systems with no reconciliation? Fragmentation

here is the most common root cause of agents producing plausible but wrong answers.

02 Semantic Consistency

Does a field mean the same thing everywhere it's used, with a documented, shared definition,

or does each system and each team interpret it slightly differently? An agent reasoning across

inconsistent definitions will produce outputs that look correct and are not.

03 Lineage & Provenance

Can you trace a piece of data back to where it came from, when it was last verified, and

whether it's still trusted? If an agent acts on stale or unverified data, every downstream decision

inherits that risk silently, with no way to trace it back.

04 Access & Freshness

Can the agent actually reach the data it needs in near-real time, or does it depend on an

overnight batch load? An agent making decisions on last night's data is making decisions on

data that's already wrong by the time it acts.
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Self-assessment checklist
Sixteen questions, four per signal. Answer honestly before your next AI agent build starts, not after it stalls.

This is a starting point, not a verdict — it's designed to surface the conversation your team needs to have.

Single Source of Truth
■  1.  Is there one authoritative system of record for each data domain the agent will use?

■  2.  If the same entity (customer, asset, case) appears in multiple systems, is there a defined reconciliation

process?

■  3.  Has ownership of each data domain been assigned to a named team or role?

■  4.  Have you mapped which systems the agent will actually read from before build started?

Semantic Consistency
■  5.  Do key fields have a single, documented definition shared across every system that uses them?

■  6.  Is there a data dictionary or semantic layer the agent's logic is built against?

■  7.  Have teams using the same field been asked to confirm they mean the same thing by it?

■  8.  Is there a process for updating definitions when they change, so the agent doesn't silently drift?

Lineage & Provenance
■  9.  Can you trace any given data point back to its original source system?

■  10.  Is there a record of when each data point was last verified or refreshed?

■  11.  If data is flagged as low-confidence or pending review, does that flag travel with it downstream?

■  12.  Would you be able to explain, after the fact, why the agent had the data it acted on?

Access & Freshness
■  13.  Can the agent access the data it needs in near-real time, or only via overnight batch?

■  14.  Have you identified which use cases genuinely need live data versus periodic updates?

■  15.  Is there a fallback behaviour defined for when data is unavailable or stale?

■  16.  Has anyone tested what the agent actually does when it receives incomplete data?

Reading your result: more than four unchecked boxes in any single section is a strong signal that section

needs attention before you build further on it. More than four unchecked overall is a strong signal the

deployment isn't ready yet, regardless of how good the underlying model is.
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Turning this into a verdict
This checklist is a self-assessment, not a certification. It will tell you where to look. It won't give you a

defensible answer to hand to a board, a regulator, or an auditor asking whether a specific deployment was

actually fit to go live.

That's the gap AQE was built to close. Data Readiness is one of five dimensions AQE checks — alongside

process maturity, tooling, people, and governance — and it's the one most deployments actually fail on.

AQE turns a self-assessment like this one into a deterministic verdict: qualified, qualified with conditions, or

not qualified, with the full evidence trail behind it. Same inputs, same finding, every time.

If you've already deployed and want to know whether what's live can withstand scrutiny rather than qualify

what's about to go live, that's a different question. CLEARANCE picks up from there, auditing what's

already running against named regulatory obligations, including whether the data lineage behind a live

agent's decisions is actually traceable.

Run the deterministic version of this checklist.

Twenty-four structured questions, five dimensions, a Qualification Certificate and Evidence Book

delivered in minutes.

aqediagnostic.com
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